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The rapid advancement of Artificial Intelligence (AI) and Machine Learning (ML) has significantly
impacted public governance, raising critical questions about transparency, regulation, and accountability.
This study aims to examine the two dimensions of "Al governance" and "governance of AI", proposing a
framework to address the challenges posed by these technologies.

The research methodology follows a meta-synthesis approach, analyzing 31 key studies published
between 2015 and 2023. Findings indicate that AI enhances decision-making accuracy, resource allocation
efficiency, and transparency in governance. However, it simultaneously introduces challenges related to
ethical considerations, regulatory frameworks, and legal issues. In response, this study proposes a three-
dimensional AI governance model, encompassing technical, legal, ethical, and public policy aspects.

The results of this study can assist policymakers in developing regulatory frameworks, designing
oversight mechanisms, and ensuring the responsible integration of AI into public governance. It is
recommended that governments, in addition to investing in AI infrastructure, prioritize algorithmic
transparency and enhance the accountability of decision-making institutions.
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Extended Abstract

Introduction

The increasing integration of Artificial Intelligence (Al) and Machine Learning
(ML) in governance has reshaped decision-making processes, public service delivery,
and policy implementation. While Al-driven technologies offer significant advantages—
such as improved efficiency, enhanced forecasting, and data-driven decision-making—
they also pose challenges related to ethical concerns, accountability, and regulatory
oversight. The lack of a comprehensive governance framework for Al raises concerns
about bias, transparency, and the unintended consequences of automated decision-
making in the public sector.

This study aims to explore two key dimensions: the governance of Al and the role
of Al in governance. The research problem arises from the need to establish structured
mecUnisms iU~i=Féi re= AI’s responsible and Fffective inteQétion into public
administration while safeguarding ethical and legal considerations. The rapid adoption
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of Al in various governance applications has outpaced regulatory developments, leading
to gaps in oversight and policy formulation.

Existing literature highlights both the transformative potential and risks associated
with Al governance. Studies indicate that Al enhances precision in policymaking, yet
concerns over data privacy, fairness, and the interpretability of Al-driven decisions
remain unresolved. Previous research has primarily focused on individual aspects of Al
in governance, such as predictive analytics or algorithmic bias, without providing a
holistic governance model.

Therefore, this study seeks to address this gap by conducting a meta-synthesis of
Al governance literature, systematically analyzing key policy challenges and proposing
a structured governance framework. The findings will contribute to the theoretical and
practical discourse on Al governance, offering recommendations for policymakers to
develop regulatory and ethical safeguards while leveraging Al's potential for public
benefit.

Theoretical Framework

The governance of Artificial Intelligence (Al) and its application in public
administration necessitate a structured approach that integrates technological
advancements with ethical, legal, and policy considerations. Al governance can be
understood through the interplay of regulatory mechanisms, institutional oversight, and
algorithmic accountability (Schneider et al., 2022). Previous studies emphasize that Al-
driven decision-making requires transparency, interpretability, and mechanisms for
human oversight to mitigate risks such as bias and unintended consequences (Butcher &
Beridze, 2019). A well-defined conceptual framework for Al governance should include
ethical Al principles, public sector Al applications, and governance models that ensure
responsible Al deployment while balancing innovation with regulatory safeguards
(Fernandez, 2023).

This study adopts a meta-synthesis approach to construct a comprehensive
governance framework that aligns Al capabilities with public policy objectives. Drawing
on the work of Sepasspour (2023) and Ortega et al. (2020), this framework incorporates
three key dimensions: (1) regulatory frameworks and legal compliance to address ethical
concerns and data privacy, (2) institutional mechanisms for Al oversight and decision-
making transparency, and (3) the integration of Al-driven analytics in governance
models to enhance public service efficiency. By analyzing existing literature and case
studies, this research aims to refine Al governance strategies and provide policymakers
with structured guidelines for responsible Al adoption.

Methodology
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This study employs a meta-synthesis approach, systematically reviewing existing
literature on Al governance and its implementation in public administration. The
research follows a structured protocol for data collection, focusing on peer-reviewed
articles, policy reports, and case studies from authoritative databases such as Scopus,
Web of Science, and Google Scholar, covering the years 2015-2023. The study
population consists of scholarly research and policy documents, with a sample of 31
selected sources based on relevance, citation impact, and methodological rigor.

Data collection was conducted using systematic keyword searches, focusing on
terms such as Al governance, public policy, machine learning in governance, and
algorithmic decision-making. Qualitative content analysis was applied to identify
recurring themes, trends, and governance challenges. To ensure reliability, Cohen’s
Kappa coefficient was used to assess inter-coder agreement in data coding. The
findings were synthesized to develop a conceptual governance framework, highlighting
regulatory, ethical, and policy-related dimensions of Al implementation in governance.
This methodological approach ensures a comprehensive, structured, and replicable
analysis, contributing=tose growing discourse on AI’s role in public administration.

Discussion and Results
The findings of this study reveal that the integration of Artificial Intelligence (Al)
and Machine Learning (ML) in governance significantly enhances decision-making
precision, public service efficiency, and resource allocation. Al-driven predictive models
improve government responsiveness by anticipating public needs and optimizing service
delivery. The analysis indicates that governments worldwide are increasingly
adopting Al technologies, yet challenges persist in ensuring transparency,
accountability, and regulatory compliance. Ethical concerns, particularly related to
algorithmic bias, data privacy, and fairness, remain key obstacles to Al governance.
Furthermore, the study highlights that while Al improves administrative efficiency, a
lack of comprehensive regulatory frameworks can lead to unintended
consequences, such as discriminatory decision-making or reduced human oversight
(Schneider et al., 2022; Fernandez, 2023).
In discussing these findings, it becomes evident that a balanced governance
approach is necessary—one that fosters innovation while maintaining ethical
safeguards and public trust. Existing governance frameworks often lack adaptability to
the rapid advancements in Al, leading to policy gaps that must be addressed through
proactive regulation and interdisciplinary collaboration. Moreover, successful Al
governance requires strong institutional mechanisms, ensuring that Al-driven
decisions remain interpretable and accountable. The study underscores the need for
governments to invest in Al oversight bodies, develop standardized ethical guidelines,
and promote transparency through algorithmic audits. These measures can help bridge
the gap between Af’s potential and its responsible implementation=n=gvernance.
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Conclusion

This study highlights the transformative role of Artificial Intelligence (Al) in
governance, demonstrating its potential to enhance decision-making, efficiency, and
public service delivery. However, challenges such as ethical concerns, regulatory
gaps, and algorithmic transparency persist. The findings underscore the need for
comprehensive governance frameworks that balance Al innovation with
accountability and public trust. Governments must prioritize regulatory oversight,
ethical Al deployment, and institutional transparency to ensure responsible Al
integration. Future research should focus on developing adaptable governance models
that address the evolving nature of Al technologies while safeguarding democratic and
ethical principles.
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! - New Public Management
2 . One-stop-shop

® - End-to-end
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- Zero touch technologies

® - Automation systems

® - Quantity or efficiency of routine public sector operations

’ - Augmentation systems
& . Analytic capacity
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- Administrative data
1% _ public decision - making
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® - Public goods and services
* - Algorithmic Governance
> - Legal and public demands
® _Transparency
" - Potentially legitimacy
® - Human and non-human actors
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- Government effectiveness (EG)
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- Regulatory quality (QR)
* _rule of law (ED)

® - Voice and Accountability(VR)
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- Governance Mechanisms

- structuring and formalizing
3. strategic asset

- supporting artifacts

- Antecedents

- Consequences
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- Structural Mechanisms

- allocation of decision-making authority
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- Procedural Mechanisms

2 - Relational Mechanisms

% - coordination of decision making
* - Subject Scope

® - Organizational Scope
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- Targets
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1~ Who is governed?

2 _ What is governed?

® _How is it governed?
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! - Public participation
2 - political oversight
3 _ Efficiency
* - Performance & Process Simplification
5 _ Flexibility
® _ Multi dimensional
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